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s deans, we seek to make good, indeed excellent, decisions. We strive to lead 
with intentionality, exercise influence, and increasingly we turn to data to in-
form our decisions. Drawing upon my experience as the dean of the College 
of Liberal Arts and Sciences at the University of Kansas, my goal is to present five key 
strategies that have aided me in the use of data for decision-making as well as for ca-
pacity-building. 
At the start of the twenty-first cen-
tury, financial constraints shape our 
choices. At the same time, technology al-
lows us to access abundant data. This 
context of financial constraint and data 
abundance—the age of “big data”—
means that we use data to gain actionable 
insights during a time of uncertainty 
about the future of higher education. Last 
year in this forum Steve Warren noted the 
future-oriented quality of our decisions 
as university leaders; quoting profes-
sional hockey star Wayne Gretsky, he 
emphasized that our goal is “to play to 
where the puck is going to be” (33). View-
ing data with this predictive purpose 
places deans’ decisions clearly within the 
realm of analytics. Drawing upon a sur-
vey of Chief Information Officers, 
Jacqueline Bischel defines analytics as 
“the use of data, statistical analysis, and 
explanatory and predictive models to 
gain insights and act on complex issues.” 
(6) As Bischel’s definition makes clear, 
data and action are linked. (Warren’s 
contribution in this volume explores an-
other sport analogy also related to analyt-
ics: the “sabrmetrics” created by Bill 
James that optimizes decisions in base-
ball economics, a veritable revolution re-
counted in Michael Lewis’s Moneyball: 
The Art of Winning an Unfair Game. In an 
era of financial constraints, we all may 
feel like we’re in an unfair game. This is 
all the more reason for making certain 
that our decision-making strategies posi-
tion us to win.) 
With these concepts in mind, I pro-
pose here some suggestions to guide in 
the use of data for decision-making in the 
context of a distributed authority model, 
which is characteristic of a large public 
research university. These recommenda-
tions emerge from my experience imple-
menting Academic Analytics in a Col-
lege-wide process in academic year 2012-
2013. Academic Analytics is a proprietary 
database that requires an institutional 
contract and an individually signed con-
fidentiality agreement; authorized users 
agree to limit the reproduction of infor-
mation from the dataset and 
acknowledge the database as “trade se-
cret” intellectual property. While these 
practices and lessons learned have 
emerged from work with Academic Ana-
lytics, the recommendations can guide in 
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the collective use of a variety of datasets 
for the purpose of shared decision-mak-
ing.  
Five Strategies 
First, engage department chairs. 
They are closer to faculty members and 
students, and they know nuances that 
may not be immediately apparent to oth-
ers. As Allan Tucker notes in Chairing the 
Academic Department, “A brilliant univer-
sity or college administration with inept 
chairpersons cannot survive; an inept ad-
ministration, with the help of a group of 
brilliant chairpersons, usually can” (32). 
By drawing upon the strengths and in-
sights of the department chairs, decisions 
can be more effective, generate buy-in at 
all levels, and avoid some pitfalls. Re-
member too that department chairs have 
their own “day jobs” being chairs, so as 
deans we need to break large datasets 
into manageable “chunks” directly re-
lated to the decisions at hand. While anal-
ysis for the sake of analysis may be intel-
lectually invigorating, linking the data to 
a decision point looming on the academic 
calendar can build momentum and 
shared purpose. 
Second, contextualize the datasets 
with a variety of institutional research 
information. Sometimes the unusual de-
tail in one dataset or the anomaly in an-
other is linked to historical changes, pol-
icy changes, or personnel practices, to 
suggest a few possibilities, and the juxta-
position of multiple, related datasets can 
help draw out these connections. We can 
strive to optimize teaching load, space al-
location, research funds, or leadership 
succession in isolation, but when we 
bring these topics together around an ac-
ademic mission, we achieve real benefits. 
Similarly, as we strive to skate to where 
the puck is going to be, we must draw 
upon historical information about institu-
tional strengths and areas where we may 
be poised to achieve greater prominence. 
Keeping these various contextual hori-
zons in sight will ensure that we use the 
data more effectively and develop the 
best strategies for realizing our goals. 
Third, make conversations with de-
partment chairs and faculty central in 
the task of understanding complex data 
and building a shared vision for the fu-
ture. Chair engagement and contextual 
information both emerge through collab-
orative examination of the data. This 
strategy is essential for owning the pro-
cess of change. As librarian Brian 
Mathews writes in his blog “The Ubiqui-
tous Librarian”: “I keep getting dis-
tracted by our profession’s desire for 
change to be data-driven. I prefer change 
to be human-driven. I’d much rather en-
able people to become more successful 
rather than focusing on making the num-
bers look better. […] What do we 
want/need to know to enact change? Or 
taken further— to foster innovation?” 
Having conversations with department 
chairs reminds us that change is “human-
driven.” 
Fourth, take a deep breath and be 
prepared to state repeatedly: data in-
forms the decisions we make; data will 
not make the decisions for us. The 
phrase “data driven,” as Brian Mathews 
points out, often creates confusion. Ox-
ford faculty member Viktor Mayer-
Schonberger and data editor Kenneth 
Cukier for The Economist, in Big Data: A 
Revolution that Will Transform How We 
Live, Work, and Think, take the point a step 
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further and contend that the human ele-
ment is essential: “What is greatest about 
human beings is precisely what the algo-
rithms and silicon chips don’t reveal, 
what they can’t reveal because it can’t be 
captured in data. It is not the ‘what is,’ 
but the ‘what is not’: the empty space, the 
cracks in the sidewalk, the unspoken and 
the not-yet-thought.” They go on to note 
that the human ability to discern “what 
the data does not say” is “the spark of in-
vention.” As we think about decisions 
and data for making change, Mayer-
Schonberger and Cukier contend that, 
“In a world of big data, it is our most hu-
man traits that will need to be fostered—
our creativity, intuition, and intellectual 
ambition—since our ingenuity is the 
source of our progress” (196-97). 
Fifth, as we emphasize engagement, 
context, conversation, and human traits, 
we can begin to see that data are narra-
tives waiting to be told. Each dataset 
represents the human reality of our stu-
dents, staff, and faculty. Often described 
as productivity, ranking, stature, cost, re-
tention, or target, these data points are 
disembodied, aggregated stand-ins for 
individuals. We need to be able to tell our 
various audiences persuasive stories 
about the accomplishments and chal-
lenges, the dreams and struggles of the 
students, staff, and faculty in our univer-
sities. And if we have to go deep into the 
numbers when telling the story, besides 
the human faces we portray, we also need 
to make use of data visualization strate-
gies that promote deep understanding as 
our audiences rapidly interpret complex 
statistical information.  
Challenges to Consider 
The conversation to gain maximum 
insights from Academic Analytics as well 
as from other datasets at the University of 
Kansas is still underway. There is not a 
single decision to be made, but rather a 
cascade of continuing and linked deci-
sions as we chart our path. The collabora-
tions built with these strategies have 
helped when we hit bumps, so it may also 
be useful to consider some of the chal-
lenges associated with the rapid intro-
duction of new kinds of data as well as 
the anxiety provoked by the high stakes 
questions regarding the future of higher 
education.  
On the one hand, there are reserva-
tions and resistances that emerge from 
the use of data for informing decisions. 
There are concerns about the accuracy 
and integrity of the data as well as about 
the justification for reducing complex 
phenomena to numbers, such as a single 
“productivity index.” Others point out 
the potential for misusing or distorting 
the data, especially by taking it out of 
context. There is a clear worry about 
data-usage as a surveillance tool that vio-
lates individual privacy or erodes aca-
demic freedom. Following on this line of 
thinking, others perceive the usage of 
data as a threat to shared faculty govern-
ance when university administrators 
have confidential access to proprietary, 
trade secret information about individual 
faculty productivity and performance. 
All of these topics are worthy of attention 
in the conversation and create our com-
mon ground for moving forward. 
Proprietary data intermediaries, like 
Academic Analytics, are emerging—
there will be more. They aggregate public 
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data and sell access to the dataset back to 
universities and colleges. These data in-
termediaries all purportedly help us set 
better departmental goals, mentor fac-
ulty, establish hiring priorities, make re-
tention offer decisions, and select key ar-
eas of strength for continuing university 
investment. Similarly, for most of us our 
institutional data can be used to identify 
bright spots in teaching success and gen-
erate new data for the emerging field of 
learning analytics. Joe Steinmetz pro-
vides a broad-ranging characterization of 
analytics in the contemporary university 
in order to underscore that data provide 
us with new ways to map our intellectual 
communities in order to identify the pat-
terns of success for research as well as in-
struction. Mardy Eimers takes my focus 
on recommendations a step further, and 
contemplates the potential need for insti-
tutional policy. And Gary Allen contends 
that the age of big data and analytics in 
the university means a behind-the-scenes 
revolution in the architecture of our tech-
nology infrastructure that includes a 
wide range of issues: system records and 
data standards, sustainable financial 
models and security, storage and speed 
of your connection or your processor. In 
short, even as Michael O’Brien sounds a 
healthy reminder that the current focus 
on “big data” may correspond to crowd 
behavior more than rational choice, as 
university leaders we should expect our 
need to work with data to intensify in the 
immediate future. Having a good game 
plan is essential. 
Proceed with Care 
Deans in the twenty-first century op-
erate in a decision-making environment 
that combines traits set forth in two 
books. On the one hand, the scholar of ed-
ucational leadership, Robert Birnbaum, 
in 1988 captured many of our current 
conditions in his classic work, How Col-
leges Work: The Cybernetics of Academics 
Organization and Leadership. Birnbaum as-
sociates the use of data with the bureau-
cratic aspect of the contemporary univer-
sity and he questions the degree to which 
data informs decisions. Instead, he sug-
gests that leaders may roll out data as a 
symbolic action designed to legitimize 
decisions that are already made. In es-
sence, the use of data may be ritualistic, 
meant more for show than substance (78-
79). 
On the other hand, Big Data: A Revo-
lution that Will Transform How We Live, 
Work, and Think provides an entirely dif-
ferent view. Authors Mayer-Schonberger 
and Cukier emphasize the new science 
emerging around big data that combines 
multiple datasets to identify actionable 
correlations. Such information provides a 
new social infrastructure and mental out-
look for decision-making. Whereas Birn-
baum suggests that data in universities 
has often served more to confirm deci-
sions, Mayer-Schonberger and Cukier 
contend that big data can inform predic-
tive modeling in new and unexpected 
ways. As you read the following com-
ment from Big Data, recall that today we 
commonly describe colleges, universities, 
and higher education as an industry that 
is accountable for public transparency, ef-
ficiency in operations, and effectiveness 
in research and instruction: “As big data 
becomes a source of competitive ad-
vantage for many companies, the struc-
ture of entire industries will be reshaped. 
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The rewards, however, will accrue une-
qually. And the winners will be found 
among large and small firms, squeezing 
out the mass in the middle” (Mayer-
Schonberger and Cukier, 145). Deans 
likely feel pressures to gain advantage for 
their college or school within the univer-
sity, even while seeking to collaborate 
with fellow deans. And deans, provosts, 
and presidents undeniably feel pressures 
to position their universities for success 
in an era of scarce resources, increased 
public calls for accountability, and rising 
competition for students and federally 
sponsored research. Whereas we all may 
recognize the data use that Birnbaum de-
scribes as ritualistic, today we all strive to 
adopt a predictive analytics mindset as 
we imagine our possible futures. 
University leaders need to develop a 
coherent strategy for the effective use of 
data within their institutional contexts. 
Two clear lessons stand out for me. First, 
we must be clear about our responsibility 
to use tools wisely to inform our decision 
making. We cannot and should not abdi-
cate our judgment, authority, or respon-
sibility to datasets. As Mayer-Schon-
berger and Cukier note, “Big data is a re-
source and a tool. It is meant to inform, 
rather than explain; it points us toward 
understanding, but it can still lead to mis-
understanding, depending on how well 
or poorly it is wielded. And however daz-
zling we find the power of big data to be, 
we must never let its seductive glimmer 
blind us to its inherent imperfections” 
(197). And as Susan Kemper reminds us, 
we must be aware of the seduction of con-
firmation bias that only trots out the 
numbers that cook the books the way we 
want to read them. There are promises 
and there are perils in the way we make 
use of data. 
Second, datasets and decisions are 
punctuation points that bring to predica-
tion the changes we strive to enact. To be 
successful, to have influence, and to mo-
tivate campus communities, we must de-
velop strategies for working on multiple 
organizational levels. As Lee G. Bolman 
and Terrence E. Deal write in their classic 
textbook, Reframing Organizations: Art-
istry, Choice, and Leadership: “Modern or-
ganizations often rely too much on engi-
neering and too little on art in their search 
for attributes like quality, commitment, 
and creativity. Art is not a replacement 
for engineering but an enhancement. Ar-
tistic leaders and managers help us see 
beyond today’s reality to forms that re-
lease untapped individual energies and 
improve collective performance. The 
leader as artist relies on images as well as 
memos, poetry as well as policy, reflec-
tion as well as command, and reframing 
as well as refitting” (17). Data and analyt-
ics as well as engagement, context, con-
versation, judgment, and narratives can 
all be brought together to help us map 
our way forward and release the energies 
we need to construct our future. 
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